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1 Introduction 

Enterprises’ engagement with Generative Artificial Intelligence (GenAI) reached a turning 

point with the public release of ChatGPT in late 2022. Adoption started as bottom-up experi-

mentation in everyday knowledge work. Employees used Large Language Models (LLMs) for 

drafting, summarizing, translating, coding support, and internal information seeking. Within 

nine months of launch, ChatGPT had users in over 80% of the Fortune 500, based on accounts 

associated with corporate email domains (OpenAI, 2023). Three years later, the enterprise focus 

is no longer on simple productivity tasks alone. Many organizations are exploring more ambi-

tious use cases that integrate into workflows and depend on proprietary internal data and 

knowledge. This shift makes access to governed, high-quality enterprise content a central re-

quirement for realizing GenAI’s potential. At the same time, the move from experimentation to 

business-critical services remains uneven, because scaling routines and measurable value cap-

ture differ widely across organizations (McKinsey & Company, 2025). Moving from pilots to 

stable services also requires governance, integration, and operations under real constraints 

(McKinsey & Company, 2025). 

This struggle to scale often stems from a mismatch between general-purpose LLMs and the 

knowledge conditions prevalent in enterprises. Enterprise knowledge is distributed across doc-

ument repositories, collaboration platforms, ticketing tools, and local file stores, and it evolves 

continuously through revisions, duplication, and inconsistent metadata. Base models are trained 

on historical corpora, so they cannot reliably reflect current internal policies and rapidly chang-

ing operational facts, and they have a practical knowledge boundary defined by their training 

period (Achiam et al., 2023; Touvron et al., 2023). They can hallucinate, producing plausible 

but incorrect statements, which creates a significant risk when outputs influence operational 

decisions or regulated workflows (Ji et al., 2023; Huang et al., 2023). In addition, enterprise 

use raises governance concerns when prompts or outputs may expose confidential information, 

or when accountability and documentation are required for audit and oversight. In enterprise 

settings, this makes grounding, traceability, and controllability central design concerns. The 

primary goal is therefore to design a socio-technical capability that connects probabilistic gen-

eration to trusted enterprise knowledge while preserving control, traceability, and operational 

stability in organizational use (Dwivedi et al., 2023; Feuerriegel et al., 2024). 

Retrieval-augmented generation (RAG) has become a central approach for making LLM out-

puts usable in enterprise settings where answers must reflect current, internal, and accountable 

knowledge. Instead of relying only on what a model learned during training, RAG connects the 

response to relevant enterprise content at the moment a question is asked, which strengthens 

grounding when the underlying sources are reliable (Lewis et al., 2020). This matters because 

many organizational questions are about internal policies, product rules, project status, or cus-

tomer and process information that changes over time. RAG is therefore attractive because it 

enables organizations to use proprietary knowledge without having to continuously retrain the 

model, while keeping knowledge maintenance largely within established content and data re-

sponsibilities (Gao et al., 2024b). At the same time, the approach makes clear that answer qual-

ity depends on whether enterprise knowledge is curated, current, and accessible in a way that 
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supports reliable evidence use, and whether responsibilities for updates and control are clear 

(Gao et al., 2024b). In this sense, RAG functions less as a purely technical add-on and more as 

an enterprise capability that ties together governed knowledge, responsible use, and operational 

stability (Klesel & Wittmann, 2025). This emphasizes that GenAI value depends on comple-

mentary organizational assets and routines that translate technical potential into repeatable per-

formance, requiring implementation guidance that specifies decision points and operating rou-

tines for everyday work (Dwivedi et al., 2023; Feuerriegel et al., 2024). 

This thesis addresses a research gap that follows directly from this reality. Current RAG re-

search is dominated by computer science contributions that focus on retriever architectures, 

reranking, and pipeline optimization (Lewis et al., 2020; Gao et al., 2024b). This stream is es-

sential, but it has not fully yielded process-oriented guidance for enterprise implementation, 

where RAG must be operationalized through cross-functional roles, governance routines, and 

integration work, rather than through model-centric optimization alone. What is missing is an 

IS-grounded implementation perspective that links RAG design decisions to organizational pre-

requisites, governance control points, and value realization across the lifecycle (Klesel & Witt-

mann, 2025; Feuerriegel et al., 2024). This gap matters because enterprise adoption is not a one-

off build. Content changes, user behavior shifts, and pipelines are updated, which makes con-

tinuous monitoring and controlled change routines necessary to keep performance and trust 

stable over time. Against this background, the thesis is guided by two research questions (RQ): 

RQ1: How can the current status of RAG implementation in enterprises be characterized? 

This includes typical use cases and maturity patterns from pilots to production. 

RQ2: How should enterprises implement RAG effectively?  

This focuses on feasible implementation practices across governance, data preparation, retrieval 

and orchestration, and operational routines, and synthesizes these insights into a process-ori-

ented framework. 

The overall objective is to develop a process-oriented framework that links design decisions to 

organizational conditions and value mechanisms, grounded in a structured literature review 

(SLR) (vom Brocke et al., 2015; Webster & Watson, 2002; Watson & Webster , 2020) and expert 

interviews (Bogner et al., 2009) analyzed using thematic analysis (Braun & Clarke, 2006; Goya-

nes et al., 2025). Methodologically, the study adopts a Design Science Research (DSR) ap-

proach. The framework is developed and evaluated iteratively, guided by the BAUSTEIN de-

sign tool (Schoormann et al., 2024). The remainder of the thesis is structured as follows. Chap-

ter 2 provides the theoretical background. Chapter 3 describes the methodology and explains 

how it is applied. Chapter 4 presents the findings. Chapter 5 discusses the results and derives 

recommendations. Chapter 6 outlines the limitations of the study. Chapter 7 concludes the the-

sis. 
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A fourth direction concerns lifecycle operations and drift management, especially in the Run 

stage (S6). Enterprise RAG systems evolve as source data changes, user query behavior shifts, 

and models or embedding strategies are updated. Future research could study how these changes 

affect performance, reliability, and user trust over time. This includes identifying effective mon-

itoring strategies and intervention playbooks, and clarifying which signals are most predictive 

of degradation. This direction aligns with the growing interest in MLOps and more specifically 

RAGOps. 

A fifth research stream could elaborate governance and audit artifacts in greater detail. The 

Governance and Risk workstream (W2) is central to SCORER, but the concrete evidence re-

quired to satisfy audit and compliance functions can be further specified. Collaboration with 

risk, audit, and legal professionals could produce more granular templates, checklists, and doc-

umentation packs for each decision gate. This would strengthen the framework’s usefulness for 

demonstrating due diligence and meeting regulatory expectations in high-stakes settings. 

A sixth direction is to investigate adoption and workflow integration more deeply. While the 

framework includes a workstream for Adoption and Change (W6), the socio-technical factors 

that drive sustained usage and value realization warrant dedicated study. Methods from Human-

Computer Interaction and organizational behavior could be used to examine how interface de-

sign, training and enablement approaches, and support models influence trust, acceptance, and 

effective use. This stream would also help clarify how adoption dynamics interact with govern-

ance constraints and operational practices in different enterprise contexts. 

Finally, future work could focus on developing supporting tools and templates to lower the 

barrier for applying SCORER in practice. DSR could be used to build and evaluate a RAG 

implementation workbench, including project management templates, interactive guides, and 

libraries of evidence packs and best-practice examples. Such instantiations would help teams 

execute stages consistently, manage deliverables, track progress through gates, and accelerate 

learning across projects, which in turn could support broader dissemination and more system-

atic evaluation of the framework. 

7 Conclusion 

This thesis investigates a gap that has become increasingly visible in enterprise settings and 

remains insufficiently addressed from a process perspective: the persistent difficulty enterprises 

face in transitioning RAG from a promising prototype to a stable, governed, and value-gener-

ating production service. The research was motivated by a concrete and recurring observation, 

namely that organizations regularly succeed in demonstrating that RAG works in principle, yet 

struggle to operationalize it under the real conditions of enterprise KM, cross-functional ac-

countability, and continuous organizational change. In response, the thesis proposes a process 

perspective on enterprise RAG implementation and consolidates it into an actionable stage-

based framework. 
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The findings, drawn from a SLR of 101 studies and 16 expert interviews across 13 countries, 

converge on a consistent diagnosis. The transition from prototype to service fails not because 

of technical limitations in retrieval algorithms or language models, but because of organiza-

tional and lifecycle management shortcomings that technical work alone cannot resolve. The 

three conditions that constitute the pilot trap recur with striking consistency: governance that 

exists as intent rather than as enforceable controls, data ownership that has not been formally 

assigned to any function, and an operational readiness that lacks repeatable evaluation, moni-

toring routines, and incident response practices. These are not edge cases or exceptional fail-

ures. They are the dominant pattern of enterprise RAG adoption as it currently stands. 

The SCORER framework, which stands for Scope, Control, Organize, Retrieval, Evaluate, and 

Run, is the principal contribution of this research. It translates the integrated evidence from 

literature and practice into a transferable process artifact that provides a shared implementation 

language for coordinating RAG initiatives across business, IT, security, and data functions. Its 

stage-gate logic makes readiness visible and enforceable, because progress requires evidence. 

Its workstream structure assigns continuous responsibilities to the concerns that cannot be 

treated as one-off phases without consequence, including governance, data lifecycle, and eval-

uation. Its iteration design acknowledges that enterprise RAG is not a build-and-deploy project 

but a managed knowledge service that must be maintained, monitored, and adjusted as organi-

zational knowledge evolves. Taken together, these design choices reflect a deliberate shift of 

attention away from component-level optimization and toward the holistic organizational and 

lifecycle conditions that determine whether a RAG initiative becomes a reliable enterprise ser-

vice. 

The significance of these findings extends beyond RAG itself. As enterprises increasingly inte-

grate GenAI capabilities into business-critical workflows, the pattern identified in this research, 

namely high experimentation, uneven operationalization, and stalled pilots, is likely to recur 

across implementation contexts. The organizational prerequisites that determine whether a 

RAG initiative succeeds in production are not specific to retrieval architectures. They reflect a 

broader challenge in enterprise AI adoption, which is that the gap between what a system can 

do in a controlled demonstration and what it can reliably do as an operational service under real 

organizational constraints is consistently underestimated. The SCORER framework addresses 

this for RAG, but the underlying logic, that socio-technical capability development requires 

lifecycle discipline, cross-functional accountability, and enforceable controls, speaks to a wider 

class of enterprise AI implementation problems that the IS community is only beginning to 

study systematically. This research also demonstrates the value of bringing an IS perspective to 

a domain that has been dominated by computer science contributions, because the most signif-

icant implementation challenges in enterprise RAG are not retrieval precision problems or 

model selection problems but knowledge governance problems, data ownership problems, and 

organizational coordination problems, which are exactly the class of challenges that IS research 

is equipped to analyze and address. By grounding the SCORER framework in DSR and evalu-

ating it against both academic evidence and practitioner experience, this thesis offers a model 

for how rigorous and practically relevant design knowledge can be generated in rapidly evolv-

ing technological domains where established theoretical frameworks are still sparse. 

The limitations of this work are acknowledged openly in Chapter 6, and they are honest markers 

of where the next research cycle must begin rather than weaknesses to be minimized. The 
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framework rests on qualitative evidence and a single evaluative case study, and its utility as a 

prospective governance tool has not yet been tested in a longitudinal implementation. Prospec-

tive longitudinal evaluation, cross-industry replication, and the development of quantitative 

KPIs aligned with the SCORER workstreams represent the most critical next steps toward a 

more complete and empirically validated theory of enterprise AI implementation. Each of these 

directions builds directly on the foundation laid here and offers a concrete path toward strength-

ening both the practical utility of the framework and the theoretical body of knowledge on 

enterprise AI adoption. Ultimately, the central contribution of this research is the demonstration 

that the determinant of enterprise RAG success is not only the sophistication of the retrieval 

architecture but the organizational readiness to govern, maintain, and operate it as a sustained 

service. The SCORER framework is designed to make that readiness explicit, structured, and 

achievable before implementation complexity accumulates to the point where corrective action 

becomes costly and disruptive. 




